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» As of April 2022, worldwide there have been a total of
510 million reported COVID-19 cases. The United States
is leading the count with 81 million cases and 990
thousand recorded deaths.

Future Work

Collect a larger sample of interviews
Interview more people outside of Texas
Interview more than three industries

Work on methods to mitigate misinformation

Interviews Conducted

| think the government should employ
Educate the public on what information

a type of verification system or
censorship on dangerous information.

is correct and provide resources to
continuously inform them.

Education \B[E

I’'m not sure what can
be done...

» It has been shown that misinformation online can and
has led to vaccine hesitancy, people believing in false
remedies, and people not taking the proper precautions Figure 5. Interviewed Industries Medical &
when in contact with the contagious virus.
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How should the problem of
» According to Pew Research Center, 54% of Americans misinformation on social media be

Large companies should be held
responsible for the spread of
misinformation through their mediumes.

o

get their news from social media sources. addressed going forward?
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Figure 6. Social Media Usage Between Industries Chart


https://www.pewresearch.org/journalism/2019/10/02/americans-are-wary-of-the-role-social-media-sites-play-in-delivering-the-news/

