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Problem Statement

TEL’s absence of a dynamic method for processing raw spares
data hinders demand prediction and burdens the planning

team, reducing agility in responding to fluctuations in demand.
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Plan: Identify obstacles and
challenges in forecasting
« Negative numbers in data from

« Large variation between parts
 Large difference in order rates
« Large amount of parts

« Parts stopped for production

« New technology switch in

Design Approach

Act: Adjust the model based

on insights from the

evaluation

- Refine model parameters to
improve forecast accuracy

» Update the model as new
information becomes
available

» Continuously monitor the
model’s performance and

Do: Develop a forecasting

model that accounts for these

obstacles

« Focus on variables that can
be predicted

« Identify revenue proportion
to WSPW

 Recognize parts with
predictable consumption

returns
Check: Evaluate the accuracy

of the forecasting model

« Compare forecasts with
actual demand data

+ Assess the impact of
unforeseen variables on
forecast accuracy

and ranking orders

or just starting
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Software Applications
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Project Challenges

*Demand prediction e[Limited data access

*Negative numbers for

*9500 parts, variable returns

*Intel's second sourcing

Result Analysis

Model Type MAPE | MASE | SMAPE

1.09%

0.98%

identification, WSPW

eData variation T'ime constraints

*Data quality issues *Technology switch

RMSE

RSQ
0.38

0.53
0.58

0.88
0.91

Project Objectives

 Enhance spare parts demand prediction with accurate
planning
* lIdentify and assess forecasted pattern usage

M °
* Simulate pattern changes by adjusting forecasting factors EAIIIE/TIH iii;’
* Develop flexible system for managing evolving process nodes _- - 2 _ _

* Plan to create Power Bl dashboard for future improvements .
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